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Neural Networks
Support Vector Machines (SVM)
Conditional Random Field (CRF)
Regression Models
» Clustered Variance
» Cox-Proportional Hazards Regression
+ Elastic Net Regularization
* Generalized Linear Models
+ Linear Regression
* Logistic Regression
* Marginal Effects
* Multinomial Regression
* Naive Bayes
* Ordinal Regression
Robust Variance
Tree Methods
» Decision Tree
* Random Forest
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Association Rules (Apriori)

Clustering (k-Means)

Principal Component Analysis (PCA)

Topic Modelling (Latent Dirichlet Allocation)
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All Pairs Shortest Path (APSP)
Breadth-First Search
Hyperlink-Induced Topic Search (HITS)
Average Path Length

Closeness Centrality

Graph Diameter

In-Out Degree

PageRank and Personalized PageRank
Single Source Shortest Path (SSSP)
Weakly Connected Components
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Columns to Vector
Conjugate Gradient

Linear Solvers

+ Dense Linear Systems
» Sparse Linear Systems
Mini-Batching

PMML Export

Term Frequency for Text
Vector to Columns
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Balanced/ Random/ Stratified Sampling
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Array and Matrix Operations
Matrix Factorization

* Low Rank

* Singular Value Decomposition (SVD)
Norms and Distance Functions
Sparse Vectors

Encoding Categorical Variables
Path Functions

Pivot

Sessionize

Stemming

Fit

Descriptive Statistics

» Cardinality Estimators

» Correlation and Covariance
e Summary

Inferential Statistics

* Hypothesis Tests
Probability Functions

1B IR
Cross Validation
Prediction Metrics
Train-Test Split
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