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1. & Inception-V3IRE!, FENVHFHEIE. MANEKERZFR (Tensor)

# Jo # Inception-V3R B X #

with gfile.FastGFile (FLAGS.model file, 'rb') as f:
graph def = tf.GraphDef ()
graph def.ParseFromString(f.read())

#ZEBRBBAERE. RAERKE

image _data_tensor, bottleneck tensor = tf.import graph def(
graph def, return elements=[IMAGE DATA TENSOR NAME, BOTTLENECK TENSOR NAME])
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2. EREHRBULE, ERBERFIERE GRHU=E)

def run bottleneck on image(sess, image data, image data_ tensor, bottleneck_ tensor):

' REBRARBRRERE, FRAERBALE, EANKER T
Args:
sess: TensorFlow# £ & (session)

image data: H 1% ¥

image data tensor: WA E K ¥
bottleneck tensor: #M#H; E K ¥
Returns:

bottleneck values: ¥ fE @ ¥

L I

bottleneck values = sess.run(bottleneck_ tensor, {image data_tensor: image_data})
bottleneck values = np.squeeze (bottleneck values)

return bottleneck_values




3. E X HEZ MBI EI 1 BdiE

def full connect_with_relu(inputs, weights_shape, biases_shape):
" RXAAEZEMB N ERLE
Args:
inputs: WA K ¥
weights shape: A E # B W £ B
biases shape: R Em X M & & K

Returns:
TEHZAHHEEXR
weights tf.get_variable("weights", weights_shape,
initializer=tf.truncated normal initializer(stddev=0.001))
biases tf.get variable("biases", biases_shape,
initializer=tf.constant _initializer(0.0))
result = tf.matmul (inputs, weights) + biases

return tf.nn.relu(result)




HE El15R 5 M A (1)

4. E XN EE EFZME L%

def inference (inputs):

#mANE = F1E
with tf.variable scope("layerl"):
layerl = full connect with relu(inputs, [BOTTLENECK SIZE, LAYER1l SIZE], [LAYER1l SIZE])
# F1LE = F2E&
with tf.variable scope("layer2"):
layer2 = full connect with relu(layerl, [LAYER1l SIZE, LAYER2 SIZE], [LAYER2 SIZE])
# B2 = BB E
with tf.variable scope("logits"):
logits = full connect with relu(layer2, [LAYER2 SIZE, NUM CLASSES], [NUM CLASSES])

return logits
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5. MZREEIZHEZ ML

# A MAMEXR
logits = inference (bottleneck_ input)
predict_answer = tf.nn.softmax(logits)

# RAXXAMMEBE

cross_entropy = tf.nn.softmax cross_entropy with logits(logits, ground truth_input)

cross_entropy mean = tf.reduce_mean(cross_entropy)

# 2 L& 8 A
train _step = tf.train.GradientDescentOptimizer (FLAGS.learning rate) .minimize (cross_entropy mean)

with tf.Session() as sess:
# AT D Y &
for i in range (FLAGS.max steps):
train bottlenecks, train ground truth = get_ random cached bottlenecks (
n_classes, image_ lists, FLAGS.batch size)
_, cross_entropy cost = sess.run([train step, cross_entropy mean], feed dict={
bottleneck input: train bottlenecks, ground truth input: train ground truth})
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