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:AlOps in Gartner Report T | ITZmif

Wireless Network Unified Communications Monitoring Tcots
Monitoring Tools
Dynarmic city Planning and Management Tools
£ | optimization Virtual Desitop Infrastructure Monitoring Hiatveork Pauk: Hanagement
o
2 | Technokogy
5 | Digital Experience
8 | menitoring [T Event Correlation and
§ Network Performance Analysis Tools
M Monitoring and IT Infrastructure Montoring
Artifidal Inteligence Diagnostics Tools

for IT Operations Application Performance Moniteeing Suites

(AIOps) Platforms
Cloud Management Platforms
As of July 2017
Innovation ::;;:::J Trough of Slope of Plateau of
Trigger E!poc.lnt'lonr- Disillusionment Enlightenment Productivity
time
Plateau will be reached:
O lessthan2years @ 2w S5yecars @ S5to10years A morethan 10years & obsolets

before plateau

Source: Gartner (July 2017)
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AlOps: Artificial Intelligence for IT Operations

ITOM Tools and
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Source: Gartner (March 2016)
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LAk AlOps

AlOps: Artificial Intelligence for IT Operations Platforms

ITOM Tools and

Other Applications

Provide

Source: Gartner (March 2016)
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Applications for IT and Business Users

Presentation Layer (Visualization and NLP)
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Data Sources (Private and Public)
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